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m 1000 Genome Project m Exact data structure
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Data structure Slots

m Probabilistic set membership
data structure

Store a fingerprint (of p bits)
instead of the k-mer

m False positive rate of 277

m d hash functions
m Window size of ¢ Smaller and More Flexible Cuckoo Filters
m High fill rates possible at ALENEX 2026

m d=2, ¢ = 4fill rate of ~ 0.9989
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Uthon " BIOCONDA

Reproducible research.
Package |, the software from bioconda:
gi Index > conda install -c bioconda cleanifier

See bioconda.github.io
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